This study aims to investigate the readiness factors of competitive advantage as a determinant of success in facing competition as well as developing measurement models and its scorecards. The resulting scorecard is used to measure readiness to create a comprehensive competitive advantage (multilevel perspective). Design/Methodology/Approach: The population in this study are creative industry players in the centers of creative regions in Central Java. Measurement of readiness assessment as a competitive advantage that is carried out comprehensively and periodically can provide technical and strategic advantages. Besides being able to be used to measure the strength or weakness of certain dimensions, it can also be used for continuous improvement. In addition, to optimize the efficiency and effectiveness of the process, knowledge transfer between creative industries is highly encouraged. Findings: The results of the study are four variables measuring the readiness of information technology, improving competitiveness, namely optimism, inconvenience, innovativeness and security. Data was collected by using a survey method with questionnaires using AMOS software. In general, the research findings indicate that SMEs in creative industries in Central Java have readiness to adopt IT. However, the research findings also indicate that perceptions of discomfort and insecurity are key issues that could potentially hamper IT adoption by SMEs creative industries in Central Java. Practical Implications: The contribution of the creative industry to the economy in Indonesia is without doubt. However the seriousness of the government in developing creative industries is being questioned, especially in terms of competitiveness. Therefore the Readiness Assessment Scorecard is offered to measure the extent to which the readiness of the creative industry has a competitive advantage. Originality/Value: With a specific measurement model of competitive advantage, it will facilitate both intellectuals, business people and the government in carrying out its role in developing the creative industry.
Introduction
Creative economy in which includes creative industry is believed to be able to answer basic problems in the short and medium term, such as: 1) Low economic development post economic crisis (averaging 4.5% per year). 2) High unemployment (9-10%), 3) High poverty (16-17%), and 4) Low industrial competitiveness in Indonesia. In addition, the creative economy is expected to address some challenges such as global warming, renewable energy use, deforestation and reduced carbon emissions because the goal of developing creative industries is to create environmentally friendly products and services based on the intellectuals owned by Indonesia as a source of renewable energy (Pangestu, 2008 , Ministry of Commerce of the Republic of Indonesia). Some of the problems faced by Indonesia in developing the creative industries are: the readiness of creative human resources, competent educational institutions to produce creative Indonesian human resources, socio-cultural diversity, the readiness of government apparatus to encourage creative industries based on intellectual property to face global free market, and financial institutions to capitalize creative industry (Ministry of Trade of Republic of Indonesia, 2008) . Research on the competitive advantage of creative industry in Indonesia has been done by some researchers such as Fitriati et al. (2013) on mapping the creative industry related to regional competitiveness, Aritenang (2013) on regional development or innovation, Naomi (2011) on dynamic competitiveness of industry creative and manufacturing. Later, Setyorini et al. (2013) suggested that SMEs need to develop human resources and technological capabilities to improve innovation and competitiveness. Jerusalem (2009) concludes that to strengthen the role of triple helix (intellectual, business and government) as this is a factor the key to achieving competitive advantage.
Based on previous studies, it can be concluded about the importance of creative industries to have competitive advantage. Readiness to deal with competition is a major obstacle in the development of creative industries which is believed to have a major contribution to the improvement of the economy in Indonesia. Therefore the Readiness Assessment Model Scorecard is offered to measure the extent to which the creative industry's readiness has competitive advantage. A specific measurement model of competitive advantage will make it easier for intellectuals, businessmen, and government in doing its role to develop the creative industry From this fact, the need for research that is specifically aimed at investigating the factors of readiness of competitive advantage as a determinant of success in facing competition becomes urgent. Berg and Hassink (2013) should be included and excluded. After this debate, from a wide range of discussions finally came a consensus based on the UNESCO definitions that included the following sectors (UNESCO 2007) : publishing and literature, artistic performances, music, film, video and photography, broadcasting (television and radio), art visuals and crafts, advertising, design, including fashion, museums, galleries, and libraries, and interactive media (web, games, mobile, etc).
Literature Review

Creative Industries
Competitive Advantages
Porter (2008) said that "competitive advantage is the heart of industrial performance in a competitive market situation". In addition, competitive advantage means having a low cost, differential advantages, or a successful focus strategy. Wingwon, Boonthawan (2012) describes the competitive advantage of Small and Medium Enterprises (SMEs) into 5 aspectsas follows. (1) increase market share, (2) firm asset growth (3) general competitiveness (4) lower cost than competitor and (5) product uniqueness as explained by Porter (2008) .
Balanced Scorecard and Its Development
Chapman et al. (2009) on the basic concept of Balanced Scorecard (BSC) introduced by Kaplan and Norton (1992) explains the roots and motivations of BSC and innovations that are related to management literature. Kumari (2011) further said that BSC can be used as a management strategy system that will clarify and translate strategic vision and strategy, communication and networking objectives and strategic measurements, plan and prepare targets with strategic alliance initiatives, improve strategic feedback and learning. Thus Nzuve and Nyaega (2013) recommend a balanced scorecard used by the company in its strategy implementation and as a performance measurement.
The results of Chan and Hiap review (2012) recommend four BSC perspectives less focus on customer relationships in the perspective of consumers and customer management on the internal business process perspective. Further suggested recommendations relating to this gap, a list of key performance measures for the construction industry in Malaysia has been selected by linking each trust strategy with relevant performance measurements. Gomes and Romao (2014) combine various tools and approaches to prepare for corporate strategic alliances as replace the statistical evaluation framework.
Divandri and Yousefi (2011) extend the BSC to measure the competitive advantage of port users especially in container terminals. It is concluded that the use of BSC is helpful in scheduling more efficient equipment in reduction of time used by ships in ports and increasing terminal productivity. Wegmann (2008) using BSCs that connect two theories as background, strategic control approaches and knowledge management theory. On the other hand Cheng et al. (2010) integrates Corporate Social Responsibility with Balanced Scorecard for the development of the company's sustainability.
Readiness Assessment
Readiness assessment has been studied by previous researchers such as Ramayah et al. (2007) studied 300 SMEs in Penang, Kedah and Perlis. His findings explain that SMEs in northern Malaysia are ready to implement e-business, e-commerce, and the internet in general. It also explains that in general the commitment of management and infrastructure and technology has a significant influence on the readiness of SMEs. Furthermore Hourali et al. (2008) said that the concept of readiness assement for SMEs still get little attention in the literature. His research investigates the ereadiness assessment model offered by several countries and then tries to develop a model for measuring readiness assumptions for SMEs with exploratory studies. Janom and Zakaria (2010) studied the developing the value of internal and external barriers indicators of the impact of B2B e-commerce development on agriculturalbased SMEs. A process hierarchy analysis (AHP) is used in this study to create ranking list so that the key elements can be determined. The use of AHP results in more accurate and more consistent assessment. Thus the company can identify the level of readiness to implement B2B e-commerce and every aspect needed to improve before implementing this application. Kirori and Achieng (2013) report on research findings related to readiness access of SMEs and financial institutions in Kenya in using information technology and challenges. Furthermore Chanyagorn and Kungwannarongkun (2011) explain the readiness model of information and communication technology information especially designed to measure readiness level of benefits and penetration on SMEs in developing countries. This technology assessment model includes 15 important indicators, mathematical models, development factors and interpretation guidelines for readiness of information and communication technology.
Alam and Noor (2009) evaluated the relationship between ICT adoption and the five factors that resulted in benefits, costs, ICT knowledge, external pressure and government support. The results of this study illustrate that three factors are significantly important in ICT adoption in determining adoption. This study resulted in a better understanding of SMEs' perceptions of ICT adoption in their business services. While Nezakati et al. (2012) found that the technical knowledge of ecommerce is significantly no different between Malaysia, Singapore and Thailand both in manufacturing and service industries, but in technical knowledge and skills have the same challenge that is the influence of e-commerce in these countries.
This research uses theory, namely Technology Readiness Index (TRI) which adapted from Parasuraman (2000) . The reason for using the theories is because it is relevant to explain the issue and purpose of research, that is measuring and predicting the level of readiness of information technology adoption by creative industry. Technology Readiness Index (TRI) adapted from Parasuraman (2000) . TRI measures the tendency of a person to accept and use technology to accomplish goals in domestic life or at work. The constructs in the TRI model are an overall thought statement that results from the mental of the impulse and inhibitor that collectively determines the tendency to use new technology. TRI is a framework that explains the relationship of individuals with technology, namely the relationship of individual characteristics and beliefs to various aspects of technology. The relative strength of each characteristic indicates one's openness to technology (Parasuraman, 2000) . TRI defines four main constructs of individual readiness adopting IT based on common personality characteristics and motivator or inhibitor factors on new technologies.
The constructs in the TRI model (Parasuraman, 2000) are as follows: 1) Optimism, which is a positive view of technology. Positive beliefs about technology can improve control, flexibility, and efficiency in life because of technology. 2) Innovation which is the tendency to become the first user of a new technology. 3) Inconvenience, is the overwhelming feeling and inability to control new technology. 4) Insecurity, is the distrust of new technology for security and privacy reasons.
Based on the explanation of theoretical basis, it can be concluded that TRI can explain and predict the degree of readiness of individual adoption in receiving IT.
Methodology
Data collection methods used in this study are Focus Group Discussion (FGD) and field survey. FGDs are intended to verify validated readiness assessments scorecard of creative industry competitiveness and to generate initial concept implementation methodologies of the scorecards that have been produced. While the field survey conducted by distributing questionnaires to a number of potential respondents which is creative industry players in creative industries centers in Central Java region, total number 267 respondents.
Results and Discussion
Based on the data and the results of verification of researchers on the number of creative industries in Central Java in 2017, there are 500 companies. Out the 300 questionnaires distributed, 267 were returned and can be further processed. The following is a creative industry type of 267 samples as described in Table 1 . Based on Table 1 the greatest result is in batik and then in craft followed by bed linen and pillowcases. The type of technology used is as follows: Based on Table 2 the type of information technology used by the largest creative industries is the website. This means that web is primarily used as a means of communication. These findings indicate that the growth of creative industries based on information technology in Central Java is quite good and the selected samples are distributed equally and relevant in the adoption of information technology. Key findings identified through interviews from key person and employees of the creative industries are as follows:
1. Understanding of information technology shows that most businessmen do not have difficulty in its use.
2. An innovation is the progress of technology and the rapid development of technology, so the information technology system is relatively brief.
3. The use of information technology is based on the amount of contribution earned. 4. The perception of convenience and usability by adopting information technology.
Measurement Model Analysis
Confirmatory Factor Analysis (CFA) is used to test dimensionality of a construction. The first phase prior to analyzing structural model is analyzing measurement model Readiness Assesment Model for Creative Industries in Improving Competitiveness in Central Java 390 of every variable, because a decent model is supported by variables that is measured by a valid and reliable indicator. Analysis of confirmatory factor of exogenous variable is used to test indicators that shape exogenous construction. The flowchart of measurement model of exogenous variable can be found in Figure 1 below.
OPTIMISM variable
Figure. 1 Measurement Model of Optimism Variable
The results of the confirmatory analysis of the optimism variable in the form of the diagram above showed that the standardized loading for all indicators has a loading factor greater than 0.50 which means that all the indicators that make up the optimism construction are valid. To get the confidence whether the measurement model can be stated in accordance with the research data, the calculation of the general match test model measurement statistics is carried out. Evaluation of the suitability of the model, the measurement model on the optimism variable is done by comparing the value of the model compability indexes produced with the recommended model match index, as presented in Table 3 below: Suitability evaluation of the measurement model on the optimism variable shows that the indices are good, that is according to what is required. Furthermore, based on Regression Weights, it shows that all indicators have a p-value smaller than 0.001 (***). Therefore it can be concluded that all indicators are significant as OPTIMISM variable measurement. This can be seen in Table 4 below: Based on Table 5 it is known that all measurement items have a loading factor greater than 0.70. This means that all indicators meet convergent validity as a variable measure of optimism. The results of the confirmatory analysis of the Innovativeness variable in Figure 2 above showed that the standardized loading for all indicators has a loading factor greater than 0.50 which means that all the indicators that make up the construct of innovativeness are valid. To get confidence whether the measurement model can be stated in accordance with the research data, then the calculation of the general match test model measurement statistics is carried out. Evaluation of the compatibility of measurement models in the innovativeness variable is done by comparing the value of the model matched indices produced with the recommended model match index, as presented in Table 6 below : Compability evaluation of the measurement model in the innovativeness variable shows that the indices are good, that is according to what is required. Furthermore, based on Regression Weights, it is pointed out that all the analysts have a p-value smaller than 0.001 (***), so it can be concluded that all indicators are significant as indicators of innovativeness indicators. This can be seen in Table 7 . According to Raghunathan et al. (1999) , all measurement items (indicators) which have a standardized loading value smaller than 0.45 should be removed from the analysis at once. From Table 8 it is shown that all measurement items have a loading factor greater than 0.45, therefore they are all eligible to measure the latent indicators. This means that all indicators fulfill the convergent validity test as a measurement of innovativeness variable. 3. DISCOMFORT Variable Figure 3 
. Measurement Model of Discomfort Variable
The results of the confirmation analysis of the discomfort variable in the diagram above indicating that the standardized loading for all indicators has a loading factor greater than 0.50 which means that all the indicators that make up the discomfort construct are valid. To get confidence whether the measurement model can be stated in accordance with the research data, the calculation of the general match test model measurement statistics is carried out. Evaluation of the compatibility of the model, the measurement model for the discomfort variable, is done by comparing the value of the model matched indices produced with the recommended model match index, as presented in the following Table 9 . Compatibility evaluation of the measurement model in the discomfort variable shows that the indices are good, that is according to what is required.
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Central Java 394 Furthermore, based on Regression Weights, it was pointed out that all indicators had a p-value smaller than 0.001 (***), so it could be concluded that all indicators were significant as a measurement of discomfort indicators. This can be seen in the following Table 10 . From Table 11 it is shown that all measurement items have a loading factor greater than 0.70, therefore they are all eligible to measure the latent indicators. This means that all indicators fulfill the convergent validity test as a measurement of the discomfort variable. Figure 4 
. Measurement Model of Security Variable
The result of confirmatory analysis of insecurity variable in the form of the diagram above shows that the standardized loading for all indicators has a loading factor greater than 0.50 which means that all the indicators that make up the insecurity construct are valid. To get confidence whether the measurement model can be stated in accordance with the research data, the calculation of the general match test model measurement statistics is carried out. Evaluation of the compatibility of the model, the measurement model of the insecurity variable is done by comparing the value of the model matched indices produced with the recommended model match index, as presented in the following Table 12 . Compatibility evaluation of the measurement model on the insecurity variable shows that the indices are good, that is according to what is required. Furthermore, based on Regression Weights, it is pointed out that all narrators have a p-value that is smaller than 0.001 (***), so it can be concluded that all significant indicators as indicators of insecurity variable can be seen in the following Table 13 with the stardardized regression weights in Table 14 .
Readiness Assesment Model for Creative Industries in Improving Competitiveness in Central Java 396 Table 14 shows that the loading factors (estimation) for all indicators were > 0.70, except for X4.6 and X4.7 which have loading values 0.645 and 0.647 respectively. Although the loading of these two indicators is smaller than 0.7, but still far greater than 0.5, so they are maintained in the analysis (not deleted). Thus, all indicators fulfill the convergent validity test as an INSECURITY variable measurement.
Full Measurement Model Analysis Figure Readiness Development Model
In Figure 5 , besides being used for data checking purposes, it is also used to test the validity and reliability of the factors simultaneously. The results of non-standardized estimation (regression weight) are as shown in Table 15 Based on the critical ratio (c.r.) of the kurtosis coefficient, the resulting multivariate value is 4.969. Thus, the value of c.r. is greater than 2.58, so multivariate normality condition is not met. Then the Outlier test is done as in Table 16 Some variables were identified as outliers, because they have p1 and p2 values from Mahalanobis distance (Mahalanobis d-square) smaller than 1% (0.01). Observations identified as outliers will be excluded from the analysis one by one. There were 9 observations identified as outliers, namely observations with respondent numbers as follows: 223, 6, 201, 250, 77, 48, 11, 54, 257 and the nine observations were excluded from the analysis because they contributed to multivariate abnormalities. Thus the sample size used is 267. The next step is to repeat the data checks as presented in Table 17 . Based on the critical ratio value (c.r.) of the resulting multivariate kurtosis coefficient of 2.404 which is smaller than 2.58, the multivariate data normality as a condition for using the Maximum Likelihood method has been fulfilled.
1) Multivariate Normality Test
2) Outlier Test: Outliers is then carried out as in the following Table 18 : Table 18 shows that there are no more observations identified as outliers, because they have p1 and p2 values from Mahalanobis distance (Mahalanobis d-square) which are all greater than 1% (0.01). The next step is to carry out complete measurement of goodness of fit model. Figure 6 and Tables 19 and 20 show that the fitted model is complete as a whole and can be accepted.
Evaluation of Validity and Reliability of Construct
Evaluation of convergent validity, discriminant validity, and reliability was carried out using confirmatory factor analysis (CFA). Convergent validity indicates the extent to which each indicator of a construct is convergent or shares proportion of variance. Convergent validity can be evaluated using standardized loading estimates, which have a minimum value of 0.5, or ideally above 0.7. In addition, all loading factors must be statistically significant (Hair et al., 2014) .
Readiness Assesment Model for Creative Industries in Improving Competitiveness in Central Java 400 Figure 6 . Readiness Development Model after some improvement All indicators have a p-value that is smaller than 0.001 (***), so that all indicators are significant to measure each of the latent constructs. Table 21 shows the stardardized loading estimates. All indicators have a loading factor (standardized estimation value) greater than 0.7, with the exception of X4.6 and X4.7, each of which has a loading value of 0.635 against the INSECURITY construct. Although these two indicators have a loading value below 0.7, they are still greater than 0.5 and significant so that they can be retained in the model.
Both indicators will be deleted one by one if they cannot support the fulfillment of discriminant validity and construct reliability. Thus, all indicators have a large loading factor which are also statistically significant, so the convergent validity of this complete measurement model is fulfilled.
Discriminant Reliability and Validity
Reliability explains the internal consistency of each measurement indicator in measuring each of the latent constructs. Evaluation of reliability can be done using Cronbach's alpha statistics, composite reliability (CR), and average variance extracted (AVE). Each latent construct must at least 0.7 or higher, and AVE at least 0.5 or higher (Hair et al., 2014) as shown in Table 22 for the correlation between contructs and Table 23 for the discriminant reliability and validity tests. 
